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Good Design Practices

We can use many visual attributes to
explain data. [3]

Introduction

Automated Visualization's understanding and features extractionisa
fundamental challenge in Data Visualization.

Visualizations are crucial for conveying information, insights or
messages, but design choices such as colors, shapes, positioning,
and other visual attributes, can be intricate, vague and lead to
misinterpretation and ineffective visuals.
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We present VisDecode, a novel framework to automatically distil length
design decisions from charts and uncover the thought process
behind them. o .
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